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'é ;% E by warping error.
Rank Group name Warping Error Rand Error Pixel Error
** human values ** 5 y 0.0010
1. u-net 0.000353 0.0382 0.0611
2. DIVE-SCI 0.000355 0.0305 0.0584
3. IDSIA [1] 0.000420 0.0504 0.0613
4. DIVE 0.000430 0.0545 0.0582
10.  IDSIA-SCI 0.000653 0.0189 0.1027
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Table 2. Segmentation results (I0U) on the ISBI cell tracking challenge 2015.

Name PhC-U373 DIC-HeLa
IMCB-SG (2014) 0.2669 0.2935
KTH-SE (2014) 0.7953 0.4607
HOUS-US (2014) 0.5323

second-best 2015__ 0.83 0.46

u-net (2015) | 0.9203  0.7756
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